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Abstract

The paper investigates how the decision variables of the production planning process for a network of firms in the
textile-apparel industry, i.e. planning period length, material availability, the link between production orders and
customer orders as regards colour mix, can affect the system’s time performance, whose measurement has involved the
creation of two new indicators. To adhere to reality, we studied and collected actual data from one of the most important
Italian companies, the Benetton Group SpA and using these observations as a basis, a simulation model was built. Only
the production planning period compression has been recognised as yielding a significant improvement in the external
time performance. A relation between the external time performance and the internal time performance of the network is
recognised. The cash flows associated with different lengths of the production planning period are analysed. © 2000

Elsevier Science B.V. All rights reserved.
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1. Introduction

There is ample literature regarding investigations
on time-based competition issues involving single
enterprises. Based on the distinction between the
external and the internal configuration of a firm,
two types of time performances have been identi-
fied: the external, visible to clients, and the internal,
measurable by the company but not manifest to
customers [1]. The former can be related to the
frequency at which new products are introduced
into the market, thus measuring the innovativeness
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of supply, and to delivery time, which describes
the ability to quickly satisfy clients’ needs. As they
can positively modify the customers’ perception
[2,3], they have to be regarded as the source
of competitive advantages in a time-based phil-
osophy.

The paths which can be followed by an enterprise
to improve its external time performances have
been reduced to two alternatives [4]: a traditional
approach, based on applying over-resources (per-
sonnel, inventory, etc.) and increasing costs, and an
innovative one, based on sped-up processes leading
to a structurally faster company without additional
costs. The latter approach deals with internal time
performances as the means by which the external
ones are improved; shorter time-to-market and
lead times in the productive-logistics phases, in fact,
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describe an agile enterprise which can profit from
its quickness [5].

Practices that lead to reducing the time needed at
the product development stage have been generally
related to Concurrent Engineering, as analysed by
many authors [6-10]. In regard to the contraction
of lead times along the operative chain, the litera-
ture has identified successful practices with the JIT
core ones in the area of procurement [11,12], manu-
facturing [2,3,13-17] and distribution [18,19].

Very little, instead, is known about the relation
between practices and time performances for new
forms of organisation such as networks of firms.
These systems can be placed between the two ex-
tremes represented by fully independent firms,
linked only by market laws, on one hand and hier-
archical enterprises on the other. Network config-
urations allow small and medium sized firms to
better face the new challenges from world-wide
competition and the great Ford age companies to
achieve the flexibility and responsiveness required
by a turbulent market [20,21]. Therefore, as time-
based concepts are extended to networks of firms,
areas for improvement and successful actions must
be identified.

It has been suggested that a crucial aspect of
networks is the coordination of its units, making, in
fact, the system a “purposeful configuration” [22].
Therefore many authors have highlighted the role
of the enterprise that manages the whole network,
which has been called the hub firm [23], spider’s
web [24], strategic centre [25]. We have been won-
dering what behaviour this main firm should
undertake to transform the network into a time-
based competitor.

If the focus is set on productive-logistics phases,
coordination is performed by production planning.
Consequently, it can be reasonably expected to
represent the process by which time-based concepts
are introduced into the system. Production plann-
ing, in fact, determines the rate at which materials
enter the operative chain and manages their
progress. Thus, it can affect the rapidity and the
punctuality provided to clients and therefore the
system’s ability to attract more customers and
strengthen their loyalty. Our attention has so been
focused on the production planning process of net-
works as the main area for improvements.

Since the Italian textile-apparel industry is re-
nowned throughout the world and excellent cases
are available for investigation, we decided to direct
our analysis to it. On the one hand, in fact, its
customers are strongly sensitive to external time
performances. The fashion market could probably
be considered one of the most turbulent and fickle,
requiring a quick response to fashion changes
whose rhythms are becoming more and more accel-
erated to satisfy customers’ propensity for anything
modern and unusual. Therefore time-based com-
petition has been for many years a coherent stra-
tegic orientation for this industry. On the other
hand, a characteristic of the Italian industrial sys-
tem is the great number of small and medium sized
enterprises, that have fostered the spread of net-
works of firms and particularly in the textile-ap-
parel industry the creation of successful systems
like the Benetton Group.

In the following sections, the network model we
developed by analysing Benetton’s production sys-
tem is described and constraints to the production
planning process clarified.

The actions that are supposed to lead to time
performance improvement are established and then
verified by simulation. Finally, the results are ex-
plained and paths leading towards time-based
competition identified.

2. The system model and the production planning
process

After collecting and studying actual data from
Benetton’s production system, a logic model of a
knitwear network was built. The main firm respon-
sible for the strategic orientation and coordination
of the network is recognised; it entrusts each phase
of the production process to a certain number
of firms (see Fig. 1).

The system works by successive productive cam-
paigns, that are related to seasonal collections, with
a make-to-order approach. Due to the high varia-
bility of the market and the aggressiveness of com-
petitors, all client orders are not received before the
associated campaign begins, but are continuously
collected during its fulfilment. For each collection
a single delivery date is established, before which
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Fig. 1. The operative chain of a knitwear system.

the system promises to release products to its cli-
ents. The system is not provided with a picking area
where client deliveries can be reshaped and there-
fore production launches are directly related to
customer orders and have to comply, in particular,
with the colour mix.

From a production planning point of view, the
critical phase is the knitting one, where specific
machines are needed depending on product charac-
teristics, in contrast to the downstream stages
where more generic machinery is required. Once
products are assigned to knitting firms and pro-
cessed, they can proceed in cascades along the
operative chain towards successive stages. Clothes
coming from the knitting phase are sewn in the
tailoring stage, then washed to remove impurities
and dyed if necessary; successively products are
submitted to the accessorising phase, which in-
volves embroidering, appliquéing, sewing on
buttons and zips, and then to the finishing
one, where they are pressed, labelled, folded and
enveloped.

In comparison to what commonly occurs in
manufacturing firms, in the textile-apparel system
described above job size is not a pre-defined char-
acteristic, deriving from a previous production de-
cision, but is a short-term contextual decision.

In a single make-to-order organisation, in fact,
usually a master production schedule (MPS) is
computed on the basis of client orders and a pre-
viously established economic lot size, then its feasi-
bility is checked by materials requirements
planning (MRP) and capacity requirements plan-
ning (CRP) and finally in the shop floor control
(SFC) jobs are assigned to available work centers
and sequenced (see the left side of Fig. 2).

In a network of different firms, instead, the tradi-
tional lot size concept is replaced by one closer
related to a time period rather than to a certain
quantity of pieces to be processed. A production
order released by the main firm is associated with
the duration of the knitting capacity loading; the
length of time of a production order is theoretically
equal to the planning period. Due to the different
production capacity of firms in the knitting phase,
job size depends on the firm it is assigned to, i.e. on
the number of machines available in each knitting
unit of the network.

Therefore the process of production order defin-
ing makes the sequential choices of job size and
job allocation to available resources time co-
incident (see the right side of Fig. 2). For the ana-
lysed network, scheduling becomes a short-time,
simultaneous decision concerning which products
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Fig. 2. The production planning process in single make-to-or-
der enterprises and in textile-apparel networks.

to process among those already ordered by clients,
to which knitting firms to assign them and what
quantities to produce.

3. The production planning areas of analysis

The main objective of this study was to analyse
how the production planning process could affect
the network performance from a time-based point
of view. Observations of the actual system in-
dicated two important steps.

First of all, develop a rational method for
generating production orders, by which the whole
network could be oriented to the achievement of
external time-based performances, such as respect-
ing the promised delivery date for each collection.
A computerised procedure to establish, in each
planning period, which items to produce, which
firms they should be assigned to and how many
units to manufacture, observing the proper con-
straints, was not recognised in the actual system,
where such decisions were personally taken by an
experienced planner.

The second step involved the analysis of those
variables that can affect solutions calculated by the
algorithm developed in the first stage. Three fac-
tors, in our opinion, could alter production
launches and very likely the time-based perfor-
mance of the network:

e the length of the production planning period that
influences job sizing and the timing with which
products are introduced into the system;

e yarn availability, that limits quantities to be
assigned to knitting firms in each planning
period;

e the link between production orders and client
orders regarding the colour mix, that represents
a constraint when determining which products
can be processed in each planning period.

The time duration of a production order, which
in theory is equal to the planning period, is a crucial
element in the system, as the size of jobs assigned to
each unit depends on it. The queuing theory has
suggested how the internal performance of lead
time is related to the variability between process
times due to lot size and set-ups, to the variability
of arrivals at the work centre, affected by order
release policies, to the traffic intensity directly in-
fluenced by the number of set-ups and by lot size,
and to a scale effect associated with the average
process time of each job, again affected by lot sizing
[26,27]. Since in the analysed network lot size is
replaced conceptually by the length of the planning
period, it is reasonable to suppose that it could
affect time performances. In particular, shortening
the planning period and consequently increasing its
frequency may allow the system greater responsive-
ness to client order receipts and quite likely an
improved capability in assigning jobs to the net-
work’s production units. Nevertheless, increasing
the number of production launches and therefore of
set-ups could be expected to decrease the produc-
tivity of the knitting firms and create congestion
downstream, thus prolonging the duration of the
productive campaign and impeding observance of
the promised delivery date.

Yarn availability, instead, represents a constraint
as the colour assortment required by clients has to
be respected by production launches due to the
absence of a picking area where deliveries could be
reshaped. As replenishment lead time is usually
very long (almost two months), yarn purchase or-
ders are mainly based on forecasts. Fashion dic-
tated coloured materials, whose degree of customer
acceptance is not known in advance, are purchased
with caution and their availability is moderate in
the early periods of the productive campaign, be-
cause very few client orders can be used for fore-
casting. If on-hand inventory were anticipated, the
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capacity of assigning products to the knitwear fac-
tories, especially at the beginning of the campaign,
would be enhanced, but the improvement must be
compared to the risk of overstocks.

In an attempt to lighten the constraint of colour
mix in the scheduling process and achieve a better
performance, colour incomplete assignments could
be tolerated, when needed to saturate knitting
firms, by creating a small picking area where only
jobs not completely conforming to client orders
could wait until rejoining the coloured units that
are lacking before delivery. Costs related to keeping
such an inventory must be compared to the real
improvement in the external time performance ob-
served by customers.

To avoid the development of models and
methods that oversimplify the complex reality they
have to represent and, therefore, lead to results not
truly applicable, we used the data collected from
Benetton’s production system. In particular we
analysed the wool production division and here
singled out a portion of an autumn/winter collec-
tion, composed of 149 articles, for a sales amount of
1640000 units, to be processed in 39 small knit-
wear factories. The behaviour of client order arri-
vals is shown in Fig. 3.

As regards the first step, the scheduling problem
was faced by both linear programming and heuris-
tics (Section 4), while in the second step the effects

1800000

of planning factors on network time performance
were, instead, analysed by simulation (Section 5).

4. Production planning methods

The actual system has revealed a type of inertia
in the first periods of the productive campaign. In
those moments the assignment process is limited by
the few client orders present in the portfolio. The
availability of coloured yarn is another constraint:
due to long replenishment lead times purchase or-
ders for materials to be delivered at the beginning
of the campaign are set, in fact, when customers’
reaction to fashion models are not yet known and
therefore they are formulated with prudence. The
capacity of the knitting factories is poorly loaded in
the early periods of the productive campaign. Since
they are capital-intensive, this phenomenon can
affect the return on investments; moreover, it be-
comes unfeasible to provide the network with
a greater over-capacity to be used later, when the
system might reach higher levels of productivity, to
avoid postponing the end of the campaign. Thus, it
appears that saturation of knitting firms and deliv-
ery punctuality on the part of the network to its
clients are in some way related in the actual system.

The need to provide the system with a high
degree of responsiveness to client order receipts and

1600000 -

Cumulative 1400000 -
orders

[units] 1200000

1000000

800000

600000 -

400000 -

200000 -

0

1 2 3 4

5 6 7 8 9 10 11 12 13

Fortnights of productive campaign

Fig. 3. Client orders arrivals during the productive campaign.
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to yarn availability has suggested the adoption of
a very dynamic approach to production, where the
planning horizon is maintained equal to a single
planning period to prevent any resistance to cha-
nges. This reflects the low predictability and turbu-
lence of the market and can be faced only by a very
flexible organisation like the network of small inde-
pendent firms built by the Benetton Group.

While the production planning process of such
a textile-apparel network is naturally oriented to
the short term, performance has to be analysed,
instead, in relation to a whole collection and the
associated productive campaign. Thus the problem
arose of setting the objective function for such
a limited time period, while results will be evaluated
over a longer horizon. We chose to maximise the
capacity loading of the knitting firms, because re-
source saturation and network punctuality ap-
peared to be related in some way in the actual
system. Moreover it appeared as a compromise
between minimising the number of articles not de-
livered on time and avoiding the forced assignment
of models with a lower process time but very likely
with a lower market value.

As regards the classification of the model on the
basis of the production system typology [28], it can
be regarded as a single-stage (only the first knitting
phase is submitted to the planning process ana-
lysed) with parallel uniform machines, because
every knitting firm can be identified with a proces-
sor characterised by a different production rate that
depends on its actual capacity (number and type of
machines in the firm), but not on products to be
made.

The problem can be solved by integer program-
ming as follows.

Let x;; be the number of units of product j as-
signed to firm i, with j=1,...,J andi=1,..., L.
Then

1 J X

max( > ri; l) (h) 1)

i=1j=1 Dj

where

p; s the process rate for product j (unit/h);

r;; 1s a large positive number that can force the
production of those particular items j expressly
requiring the high technology machinery pos-

sessed by firm i, which can be present in the
network in a limited portion due to the high
investments needed;

o;; is a Boolean parameter equal to 1 only if ma-
chines in firm i have proper tools to process
product j (e.g. the guides needed to knit wool
and rubber);

subject to:

1. Make-to-order constraint:
I
Z OCinij<Sj (unlt) ]:1,,J
i=1

where s; is the present ordered quantity of article
Ji
2. Materials availability constraint:

J N I
Z Z Sk Z Vin Xy < diy (kg)  V(k, h)
j=1n=1 i=1
where fju, is the amount of yarn k, h-coloured,
needed to make a typen (n = 1,..., N;) coloured
unit of product j, y;, is the portion of product
j units of colour type n and dy, is the stock level
of yarn k, colour #;

3. Capacity loading constraint:

Y

Y [” + t,-jy,-j]ﬁ,- (hy i=1,..,1I

j=1LPi
where t;; is the set-up time for product j to be
made in firm i and y;; is a boolean variable that
isequal to 1 only if product j is assigned to firm i;

4. The Boolean variable y;; must be null if x;; is
null, i.e. if product j is not assigned to firm i

yij < xij V()

5. The Boolean variable y;; must be equal to 1 if
x;;is not null, i.e. if product j is assigned to firm i:

xij < Mijyij V(0. ))
where M is a large positive number;
6. Realistic size of assignment constraint:

xij

—=a; Py () V()

Dj

where q; is the minimum portion of the capacity
p; to be loaded, established for each knitting
firm i.
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7. Sign restriction:
Xij = 0,

8. Integer restriction:
yi; integer.

The problem is a mixed integer programming in-
stance and therefore is NP complete [29]; thus,
solution time grows exponentially with the size of
the problem (I - J real variables + I-J integer vari-
ables; for actual system data [ =39,J =149, [-J =
5811) towards unacceptably large values. This led
us to develop heuristics, in order to obtain a more
flexible and faster method for building production
plans and running simulations. We were inspired
by the finite loading approach [30] to create a
vertical logic procedure, which assigns the best
available product to each knitting firm, and an
horizontal logic one, which instead tries to associ-
ate each product with the best knitting firm for
making it. Both the heuristics proceed by creating
for each firm or each article a set of possible assign-
ment alternatives and by shortening this set on the
basis of several criteria applied in sequence, such as
ensured capacity occupation, set-up time and re-
quired machine characteristics, until a single car-
dinality is reached. Flow diagrams of the vertical
and horizontal logic procedures are shown in
Figs. 4 and 5, respectively.

The procedures were compared with the mixed
integer programming model coded by Cplex; the
vertical heuristic was found to behave better than
the horizontal one, with an average error relative to
the optimal solution given by the mixed integer
programming model equal to 4.4% and 10% re-
spectively. Both the greedy procedures showed an
extremely improved resolution time due to an
O(n log n) computational complexity, particularly
relevant as the size of the problem increased during
the analysis. Hence, the production plan for each
period, i.e. the input for simulation runs, was built
by using the vertical logic procedure.

5. Analysis of production planning variables

To study how production planning period
length, yarn availability and colour assortment can

modify the time-related performance of the system
and consequently, from a time-based competition
point of view, enhance its ability to satisfy cus-
tomers’ needs, simulation experiments were carried
out [31].

5.1. Simulation model development

To build a simulation model that is more adher-
ent to reality, we used the actual data collected and
opinions and suggestions offered by Benetton per-
sonnel.

The simulation model was built using the
Simple + + software package, which is object
oriented and consequently has a greater capacity to
represent complex systems with various hierarchi-
cal levels. It was, in fact, possible to assume a
top-down approach to establish the main links
between each phase along the supply chain and
then detail each component, avoiding possible dis-
tortions of interactions at the upper levels.

In each period, jobs enter the system as planned
by the vertical heuristic. After being knitted in one
of the 39 small factories, when the right quantity of
items is reached, they are loaded into trucks and
then moved on to the next phase in the operative
chain. The transport times through the network are
set according to the average values recorded in the
actual system.

The assignment of each job to the proper firm in
the tailoring, accessorising and finishing stages is
performed by choosing the least loaded factory.

As happens in the actual system, the washing and
dyeing phase, considered to be a core competence
of the main enterprise, is centralised. Here machin-
es are loaded to the permitted weight merging items
of different jobs on the basis of yarn type and
colour. Attention is paid to the rotation of dark and
light colours in dyeing machines to reduce set-up
times.

To maintain productivity aligned with the ob-
served values, breakdowns have been introduced
into every shop.

5.2. Experimental design

A whole seven-month production campaign
was simulated. Experiments were based on a 23
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Fig. 4. Flow diagram of the vertical logic heuristic.

factorial design, where each of the three production As regards materials, in the actual system yarn
planning variables described above was studied at purchase orders are set mainly on the basis of
two different levels (see Table 1). forecasts and spaced out along the campaign to

The length of the planning period was set equal meet requirements. Thus, to enhance the capacity

to respectively 3 weeks and 1 week. of assigning products to the knitwear factories
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especially at the beginning of the campaign, we
tried to anticipate on-hand inventory, by increasing
the coefficient used to space out purchase orders,
equal to the portion of forecast requirements that
has to be provided in each period. So we studied the
behaviour of the simulated system with values of
purchasing coefficients equal to those used by the
actual system and those with a 50% increase. For

example, for a material whose purchase order
quantity was normally set at 10% of the entire
forecasted requirements, a purchase order quantity
of 15% of forecasted requirements was considered
as the second level.

Concerning the link between colour mix of jobs
and client orders, we analysed the two situations
where this relation is maintained or partially
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Table 1
Factors and relative levels considered in the 23 factorial design
of simulation experiments

Factors 1st level  2nd level

Production planning period 3 weeks 1 week
Materials availability Normal  + 50% purch. coeff.
Colour link Present  Partially removed

removed. We allowed, in fact, the heuristic to gener-
ate colour-incomplete production orders when
needed to saturate factories, providing the simula-
tion model with an area where jobs could wait until
rejoining the lacking coloured units before leaving
the system.

5.3. The response variable

Since in the textile-apparel industry production
is fulfilled by successive campaigns, performances
have to be evaluated in relation to the whole collec-
tion; consequently, global measures are required.
For each collection, the analysed network presents
a single date promised to all its clients, before which
it commits itself to carry out all the orders received.
Delivery punctuality is particularly important for
network customers, who are retailers, since it af-
fects their ability to fill their shelves with new prod-
ucts on time with fashion changes and therefore
capture fickler and fickler consumers.

As an appropriate measure to evaluate system
time performances appreciable by clients with re-
gard to a whole collection we propose the weighted
average delivery anticipation (DA), which we have
defined as follows:

N
DA = L&A @

i=1%i

where Q; is the number of units of the i-th job, with
N the total number of jobs processed by the system
and A; is the anticipation of the i-th job, defined as
the elapsed period (days) between the promised
delivery date and the moment each job exits the
system and products can be sent to clients (see
Fig. 6).

Units

Qi

Delivery
Date

>
A; Exit times

Fig. 6. Anticipation 4; of the ith job composed by Q; units.

DA provides an estimate of the system capacity
to anticipate product realisation, i.e. to react
quickly to sales orders that accumulate during the
productive campaign. If DA were improved,
the productive campaign could start later, when the
demand is better known, assuring clients the same
punctuality. In this way, the yarn purchasing pro-
cess would be more easily managed and conse-
quently left-over stocks reduced. Conversely, the
promised date could be brought nearer to the
beginning of production, without deteriorating
the capacity of the system to deliver on time. Such
an action would be convenient if the system wanted
to accelerate the frequency of introducing new
products into the market by launching more collec-
tions in fast succession during the same season, as
happens in the “flash collection” phenomena. The
capability of sequencing productive campaigns
without overlapping them, thanks to an improved
DA, would lead to more linear processes and easier
coordination between network units.

6. Simulation results

The main effects of the three factors, defined as
the difference between the average response of the
system when a factor moves from its 1st to its 2nd
level, are shown in Table 2.

Only the length of the production planning peri-
od strongly affects time performance achieved by
the system and measured by the delivery anticipa-
tion.

Therefore, only the action of shortening the pro-
duction planning period can significantly influence
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Table 2
Main effects on delivery anticipation of the three analysed
factors

Factors Main effects on delivery

anticipation DA (d)

Production planning period length  14.052
Materials availability 0.564
Colours assortment link 1.024

the external time-based performance of the net-
work and must be considered by management. So
the availability of materials and colour link were no
longer investigated, but analysis was directed at the
effect of changing the production planning period.

By compressing the production planning period
from 3 to 1 week, we can see how the asymmetry of
the curves, which interpolate products exits from
the system during the production campaign, is
positively modified (see Fig. 7); consequently the
weighted average delivery anticipation DA is in-
creased.

The planning period affects the internal time
performance, recognisable only by the system itself
and not by its clients, along two directions.

As its length is decreased, the average lead time is
reduced (see Table 3), because of a shorter job
processing time; this is due to a smaller job size,
which derives, in fact, from the attempt to fill the
knitwear factories to capacity during a shorter
planning period.

The contraction of lead times is not proportional
to the related reduction in the planning period,
because as job size is decreased a higher number of
jobs is generated during a campaign, leading to
increased set-up (see Table 4) and queue times,
which counteract advantages arising from shorter
processing times.

The reduction in the planning period also enhan-
ces the ability to assign jobs to the knitting firms
especially in the early periods of the productive
campaign, when the constraints related to avail-
ability of materials and customers’ orders strongly
condition the planning process.

The reaction to customers’ orders is better with
a shorter planning period but the number of set-ups
is increased and consequently the set-up time, the
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Fig. 7. Products exits from the system during the production
campaign; actual data and polynomial interpolation.

Table 3
Average lead times and Work-In-Process in relation to different
production planning period lengths

Production planning Average job lead Average WIP

period length (weeks)  time (days) (units)

3 27.08 334865
2213 248629

1 15.19 169144

effect becoming more evident as the campaign ad-
vances and the constraints become less intense. In
Fig. 8 average saturation of the knitting firms dur-
ing the productive campaign is showed. Observing
the interpolation curves, it can be seen how a com-
pression of the planning period modifies their
asymmetry, moving their median towards the be-
ginning of the campaign. Thus, a 1 week planning
period leads to a higher level of saturation in the
first production periods, but to a longer duration of
the campaign due to increasing set-ups.

These effects can be summarised by the weighted
average anticipation of saturation (SA), that we have
defined as follows:

SAzioiA,-/io,. (3)

i=1 i=1
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Table 4

Jobs characteristics and total set-up times during a campaign due to different production planning period length

Prod. planning Number of jobs Average job size Reduction Total set-up Growth
period length (weeks) (units) percentage time (hours) percentage
3 453 3621 — 19817 —

580 2828 —21.90% 23192 +17.03%
1 1050 1562 — 56.86% 25197 +27.15%

1@ Capacity Load A
[hours]
1 O
08
]
T
©
= 56
%* ' Delivery
3 Date
f‘.;' 04 >
A Entry times

0.2

I
t [weeks]

------ p =2 weeks

— Poly. (p = 2 weeks)

p=1week
—Poly. (p = 1 week)
p =3 weeks
Poly. (p = 3 weeks)

Fig. 8. Average saturation of the knitting firms during the
production campaign; actual data and polynomial interpola-
tion.

where O; is the actual knitting hours assigned in the
ith planning period, N the total number of planning
periods and A; the anticipation of the ith period,
defined as the period (days) elapsed between the
promised delivery date and the moment jobs of
each period enter the system (see Fig. 9).

The increase in the average anticipation of satu-
ration could provide the firms of the system with
a greater chance of loading their available capacity
by offering it to other subjects not belonging to the
network, during the periods of structural decline of
the campaign. If the asymmetry of the saturation
curve were modified so that only two consecutive
periods of high and low saturation levels were re-
cognised, each production unit could rely, in fact,
on an uninterrupted time interval with sufficient

Fig. 9. Anticipation 4; of the ith period of capacity loading.

resources to be dedicated to other significant com-
mitments. On the other hand, if the network were
used to launch flash collections, i.e. mini collections
added to the usual winter and summer ones to
improve the frequency of introducing new products
to the market, then a greater anticipation of satura-
tion could allow the campaigns to be sequenced
instead of overlapped, reducing the complexity of
the production system.

Table 5 shows the external time performance,
measured by DA, and the internal ones, represent-
ed by the average lead time LT and SA gained in
the simulated system, when a delivery date is set at
the 168th day from the beginning of the campaign.
Moving from a 3 to a 1 week planning period, the
delivery anticipation is improved by 22%, lead time
is reduced by 44%, while the anticipation of satura-
tion is shortened by 1.5%.

The ratio SA/LT summarises in a single indi-
cator the effects of the planning period length on
the internal time performance measures LT and
SA. As can be seen from Fig. 10, the increase in the
ratio SA/LT is associated with an increase in the
value of the external performance measure DA.
This is reasonable, if we consider that the delivery
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Table 5
Internal and external time performance measures

Time performance measures

3 week prod. planning

2 week prod. planning 1 week prod. planning

period period period
Delivery Anticipation (DA) (days) 72.69 84.78 88.61
Anticipation of Saturation (SA) (days) 106.26 110.19 104.69
Lead Time (LT) (days) 27.08 2213 15.19
DA/LT 2.68 3.83 5.83
SA/LT 3.92 498 6.89
100 A
p
90 2w Tw
80 o
k4 3wy’ -
3 50
3 40
30
20 _
10 amin amax -
0 ‘ ‘ a
0 2 4 6 8 Fig. 11. Price behaviour as a function of delivery anticipation.

SALT

Fig. 10. Relation between the internal time performance mea-
sured by the ratio SA/LT and the external one measured by the
average delivery anticipation DA.

anticipation depends on the planner’s ability to
lead the system to saturation as soon as possible, so
that products are introduced into the system and
processed early. With the same anticipation of satu-
ration, however, products exit from the system as
fast as their lead time is shortened.

7. Time performance of the network and cash flows

A system that provides a quick response to cus-
tomers’ needs can not only attract more clients and
encourage brand loyalty, increasing its market
share, but also win a price premium for the speed
and punctuality of its deliveries.

A client that is very sensitive to time perfor-
mance, in fact, might be inclined to pay a price that
is a nondecreasing function of the delivery anticipa-

tion with which products are provided. On the
other hand, the same client could reasonably de-
cline paying the full price if products are not de-
livered on time (see Fig. 11). The following
behaviour of the unit price p can be considered:

1_7(1 + ml)’ az= Amax>

p=[3+m1—p a, 0<a<dpy

max

D+ mZLa, a<0,
|amin|

where

a is the delivery anticipation of the unit;

amax the greatest value of anticipation recognisable
by clients for a price premium;

amin the (negative) anticipation for which products
have still a market value;

p the full price set for products delivered on the
promised date;

m; the relative increase in the full price p for an
anticipation equal to dy,,;

m, the relative decrease in the full price p for an
anticipation equal to dy;,.
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Fig. 12. Cash inflows for a planning period of 3, 2 and 1 week’s
length.
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Fig. 13. Set-up costs for a 3, 2 and 1 week planning period
length.

Cash inflows gained by applying the above price
relation to products managed with a planning peri-
od of 3, 2 and 1 week are shown in Fig. 12, setting
p = 35000 TItalian Lire (18 Euro), am., = 72 days,
amin = 120 days, m; = 0.2, m, = 0.5.

Shortening the planning period length leads to
increased cash inflows, but a growth in cash out-
flows has also to be considered. This results from
more numerous set-ups and transports inside the
network due to the greater number of jobs gener-
ated; Figs. 13 and 14 show their behaviour based on
data from the Benetton system.

As the external time improvement gained by
modifying the production planning period can in-
crease both cash inflows and outflows, its entity
must be established so that advantages can be
maximised. Curves describing the behaviour of in-
flows and outflows as a function of external time
performance have to be plotted, so that the

Transport costs [£]
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D |
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Fig. 14. Transport costs for a 3, 2 and 1 week planning period
length.
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Fig. 15. Relative increase in returns (AR) and costs (AC) when
moving from a 3 to a 2 and 1 week planning period.

network could choose the service level which best
realises a compromise between customer satisfac-
tion and profit.

For the analysed network, the relative increase in
returns AR and costs AC by moving from an initial
3 week period to 2 and 1 week is shown in Fig. 15,
where the advantages of reducing the planning pe-
riod length are evident. Fig. 16 represents the in-
crease in income Al associated with a 2 and 1 week
reduction and the associated improvement in deliv-
ery anticipation ADA. The ratio AI/ADA describes
the increase in income (relative to the initial condi-
tion) which can be gained for each unit improve-
ment in the external time performance appreciable
by clients; it is graphically represented by the tan-
gent of angles o and f identifying the possible
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Fig. 16. Relative income increase when moving from a 3 to
a 2 and 1 week planning period.

reduction in the production planning period. Thus,
for the analysed network and the given data, the
ratio is more favourable for a movement from a 3 to
a 2 week planning period rather than a more dras-
tic change.

8. Conclusions

Simulations show how even from a systemic as
well as from a single firm point of view, achieving
a favourable internal time performance is a means
of gaining an external time performance, recognis-
able by customers.

The production planning process was found to
be an important area of improvement for a network
in a time-based logic; shortening the production
planning period, in fact, significantly affects the
weighted average delivery anticipation. It leads,
however, to increase set-up and transportation
costs due to the greater number of jobs generated
during a campaign.

The path of the network towards time-based
competition consequently appears traditional,
where an improved customer service level, mea-
sured by DA, is accompanied by higher costs (see
Fig. 17): the network is moved from point A4 to
point B along its costs—service curve.

A new capability for managing the costs—perfor-
mance trade-off could be reached by shifting the
competition towards more advanced frontiers than

A
a
Costs
Traditjonal
th
A nnovative
path C
DAG w) DA(2 w)

DA

Fig. 17. Traditional and innovative path of the network to-
wards time-based competition.

its competitors’ curves. In this way the network
would be moved from point 4 to point C through
an innovative path, where the advantage of better
delivery anticipation is gained without increasing
costs.

To obtain such a result, the planning period
compression must be matched with system process
reengineering: actions which are able to modify the
technological means and managerial techniques of
each firm in the network have to be undertaken so
that the whole system becomes intrinsically faster
as the time-based competition philosophy suggests.
For example, if a reduction in set-up time were
gained at each step in the chain, a greater number
of jobs during a single campaign would not lead to
higher costs. The behaviour described in Figs. 15
and 16 could be changed in favour of a more drastic
contraction of the planning period length, so that
the customer’s sensitiveness to external time perfor-
mance could be fully exploited.

Thus, while the production planning process is
shown to be an important area for improvement in
a time-based logic, its results can be amplified by
involving the other processes performed in the net-
work.
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